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ABSTRACT

https://doi.org/10.51847/SAEgs2aXxf

Despite their potential to enhance evidence-based clinical decision-making, adoption among dental students remains
limited because of insufficient trust in Al-assisted diagnosis and inadequate understanding of the economic value of Al-
supported dental care. This study investigated the effects of perceived diagnostic usefulness, trust, and digital financial
literacy on behavioural intention and Al-CDSS adoption among dental students. A cross-sectional survey was conducted
with 350 dental students, and the data were analysed using partial least squares structural equation modelling (PLS-SEM).
The results showed that perceived diagnostic usefulness (p = 0.356) and trust (B = 0.321) significantly enhanced
behavioural intention, whereas digital financial literacy positively influenced trust (f = 0.287) and indirectly promoted Al-
CDSS adoption. Behavioural intention was the strongest predictor of AlI-CDSS adoption ( = 0.612) and partially mediated
the relationships between the antecedent variables and adoption behaviour. The model explained 64.8% of the variance in
behavioural intention and 37.4% of AlI-CDSS adoption. These findings highlight the importance of integrating Al-assisted
diagnostic training, clinical decision-support competencies, and cost-effectiveness evaluation into dental curricula to

prepare future dentists for evidence-based, patient-centred, and technology-enabled oral healthcare.
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Introduction

The application of artificial intelligence (Al) in healthcare
has expanded rapidly, particularly in clinical decision
support systems (CDSS) that assist healthcare professionals
in selecting optimal treatment options. AI-CDSS can
improve diagnostic accuracy, reduce medical errors, and
optimise the allocation of clinical resources [1-3]. In
dentistry specifically, Al tools support radiographic caries
detection, periapical lesion identification, periodontal bone-
loss assessment, and orthodontic treatment planning,
aligning with the goals of precision diagnostics and
evidence-based oral healthcare [4, 5]. Despite these benefits,
the adoption of Al technologies among future dentists
remains inconsistent.

A significant barrier remains the scepticism surrounding Al-
integrated platforms. Given the high-stakes nature of
clinical outcomes, stakeholders are often hesitant to
embrace algorithmic guidance absent demonstrable
evidence of safety, precision, and reliability [1, 2, 6, 7].
Furthermore, financial literacy represents an understudied
facet of this integration. Understanding the cost-
effectiveness of Al-assisted diagnostics, the economics of
preventive versus restorative treatment, and the pricing of
digital dental technologies necessitates economic acumen;
consequently, dental students possessing greater financial
competency may be better equipped to evaluate the fiscal
implications of Al-driven diagnostic recommendations [8-
10]. Current literature suggests that while dental students
and professionals are broadly receptive to Al applications in

oral diagnostics, their adoption is tempered by limited
formal Al training, knowledge gaps, and variable
institutional trust [4, 11-13].

Previous research has predominantly investigated Al
implementation among broad medical practitioners, often
utilising frameworks like the Technology Acceptance
Model [14, 15]. Nevertheless, there is a shortage of literature
synthesising Al integration, financial literacy, and dental
education into a unified paradigm. Furthermore, the
synergistic influence of trust, perceived utility, and financial
acumen on Al adoption remains insufficiently examined.
This deficiency is particularly significant for developing
economies like Vietnam, where Al applications in oral
health are progressing rapidly, yet the financial expertise of
students entering the dental profession is currently in its
formative, developmental stage [16, 17].

Dental students are a strategically important population for
this question. As future dentists, they will routinely interpret
radiographic images, formulate treatment plans, and manage
the economic aspects of dental care delivery. Their
willingness to adopt AI-CDSS for caries detection, lesion
identification, and treatment planning, and their capacity to
interpret the economic dimensions of Al-generated
diagnostic recommendations, will shape the quality and
cost-effectiveness of oral healthcare. Yet international
evidence suggests that, while dental students are broadly
receptive to Al, their adoption is constrained by limited
curricular exposure, inconsistent trust in Al-generated
diagnoses, and concerns about diagnostic liability and the
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appropriate role of Al in clinical judgement [4, 11, 12, 18].
Examining how usefulness, trust and financial literacy
jointly drive adoption among this group can therefore
inform both curriculum design and the responsible
deployment of Al in dental practice.

This research investigates the determinants of AlI-CDSS
adoption among dental students, evaluating how financial
literacy impacts clinical decision-making. By utilising a
PLS-SEM approach that merges trust theory with the
Technology Acceptance Model, the study identifies
perceived diagnostic utility, trust, and digital financial
literacy as key drivers of behavioural intention and
subsequent adoption. With behavioural intention serving as
a mediator, this work bridges oral health Al and dental
practice economics. Consequently, it provides a
comprehensive integrative model, validates the mediating
influence of intention, and offers actionable strategies for
incorporating both artificial intelligence proficiency and
financial acumen into the contemporary dental education
curriculum for future practitioners.

Literature review and hypothesis development

Technology acceptance model and perceived

diagnostic usefulness
The Technology Acceptance Model holds that perceived
usefulness is a primary determinant of technology adoption
[14, 15, 19]. In healthcare, perceived diagnostic usefulness
refers to the extent to which Al enhances clinical decision-
making—improving diagnostic accuracy in radiographic
interpretation and caries detection, and supporting better
treatment-planning  decisions. When dental students
perceive Al-CDSS as clinically useful, they are more likely
to form favourable intentions to use it, and this perceived
value can also reinforce trust in the system [11, 20]. On this
basis, the following hypotheses are proposed.

H1. Perceived diagnostic usefulness positively influences
behavioural intention.

H2. Perceived diagnostic usefulness positively influences
trust.

Trust in Al systems

Trust is a critical factor in healthcare technology adoption:
users must believe that Al systems are reliable, accurate and
safe for clinical use [1, 21, 22]. Because clinical decisions
involve risk, trust reduces the uncertainty associated with
relying on algorithmic recommendations and is repeatedly
identified as a decisive determinant of Al-CDSS acceptance
among healthcare workers [1, 2, 23, 24]. Trust is therefore
expected to strengthen behavioural intention.

H3. Trust positively influences behavioural intention.

Digital financial literacy in healthcare

Financial literacy enables individuals to understand and
evaluate cost-effectiveness in medical decision-making,
including knowledge of dental treatment costs, preventive
versus restorative economics, and economic evaluation of
Al-assisted diagnostics [9, 25]. Financially literate dental
students can better appraise the economic value of Al-
supported recommendations, which may strengthen both
their intention to adopt AI-CDSS and their trust in such
systems since they are better equipped to judge the
credibility of cost-related outputs [8, 26]. The following
hypotheses are proposed.
H4. Digital financial influences
behavioural intention.

literacy positively

H5. Digital financial literacy positively influences trust.

Behavioural intention and adoption

Behavioural intention is the most proximal predictor of
actual system usage in technology-acceptance models [14,
15]. Dental students who form stronger intentions to use Al-
CDSS are more likely to adopt it in practice and during
clinical rotations and preclinical training. Behavioural
intention is therefore positioned as the proximal driver of
adoption and as the mechanism through which the three
antecedents exert much of their influence.

H6. Behavioural intention positively influences AI-CDSS
adoption.

Mediating effects of behavioural intention
Integrating the above, behavioural intention is expected to
mediate the effects of perceived diagnostic usefulness, trust
and financial literacy on AI-CDSS adoption. Each
antecedent strengthens intention, which then converts into
adoption behaviour, implying three indirect effects whose
significance, alongside the direct paths, distinguishes partial
from full mediation [27]. The conceptual model is shown in
Figure 1.

H7. Behavioural intention mediates the effect of perceived
diagnostic usefulness on adoption.

H8. Behavioural intention mediates the effect of trust on
adoption.

H9. Behavioural intention mediates the effect of financial
literacy on adoption.
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Figure 1. Proposed research model

Materials and Methods

Research design and sample
A quantitative, cross-sectional survey design was adopted to
test the hypothesised model. The target population

comprised dental students, recruited through convenience
sampling. A total of 350 valid responses were obtained,
which exceeds the recommended minimum for PLS-SEM
and provides adequate statistical power to detect small-to-
medium effects [27]. (Table 1) presents the demographic
profile of the sample.

Table 1. Demographic profile of respondents (n = 350)

Characteristic / Category Frequency Percentage (%)
Gender: Male 128 36.6
Gender: Female 222 63.4
Age: 18-20 96 27.4
Age: 21-23 198 56.6
Age: > 23 56 16.0
Year of study: Year 1 72 20.6
Year of study: Year 2 85 24.3
Year of study: Year 3 97 27.7
Year of study: Year 4+ 96 27.4
Al experience: None 74 21.1
Al experience: Basic 156 44.6
Al experience: Moderate 88 25.1
Al experience: Advanced 32 9.1
Use of digital tools: Rarely 52 14.9
Use of digital tools: Occasionally 138 39.4
Use of digital tools: Frequently 160 45.7

Measurement scales

All constructs were measured reflectively using multi-item
scales rated on a five-point Likert scale (1 = strongly
disagree to 5 = strongly agree). Perceived diagnostic
usefulness (4 items) captured the belief that Al improves
diagnostic accuracy in radiographic interpretation, caries
detection, and dental treatment planning, adapted from
TAM [14]. Trust (3 items) reflected the reliability and

trustworthiness of Al recommendations, adapted from trust
theory and Al-CDSS trust research [1, 21]. Digital financial
literacy (3 items) covered the ability to evaluate dental
treatment costs and understand the cost-effectiveness of
preventive versus restorative care [9]. Behavioural intention
(3 items) and AI-CDSS adoption (3 items) were adapted
from technology-acceptance and Al-acceptance studies [12,
15]. (Table 2) summarises the constructs and items.

Table 2. Constructs and measurement items

Construct Indicative content Items
Perceived Diagnostic Usefulness (PU) Al improves radiographic dlagnc;slgﬁnai(r:]«;uracy; enhances dental treatment 4
Trust (TR) Al systems are reliable; Al recommendations are trustworthy 3
Financial Literacy (FL) Ability to evaluate treatment costs; understanding of cost-effectiveness 3
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Behavioural Intention (BI)

Intention to use Al in future; willingness to rely on Al 3

AIl-CDSS Adoption (AD)

Actual/intended use; use during internship 3

Data analysis

Partial least squares structural equation modelling (PLS-
SEM) was used because it suits prediction-oriented
research, models with mediating chains, and data that may
depart from multivariate normality [27]. The measurement
model was assessed for indicator reliability, internal
consistency (Cronbach's alpha and composite reliability),
convergent validity (average variance extracted, AVE) [28],
and discriminant validity via the heterotrait-monotrait ratio
(HTMT) [29]. The structural model was evaluated through
path coefficients with bootstrapped significance (5,000
resamples), the coefficient of determination (R?), effect
sizes (f2), and predictive relevance (Q?). Mediation was
assessed through the significance of indirect effects, with
the direct effect distinguishing partial from full mediation.

Results and Discussion

Measurement model

The measurement-model results (Table 3) confirm
satisfactory reliability and validity. All standardised
loadings exceed 0.79, Cronbach's alpha values range from
0.854 to 0.893, composite reliability ranges from 0.898 to
0.926, and AVE ranges from 0.677 to 0.758 — each
exceeding the recommended thresholds of 0.70 for
reliability and 0.50 for AVE [27, 28].

Table 3. Measurement model: reliability and convergent

criterion (Table 4). All HTMT ratios fall below the 0.85
threshold, confirming that the five constructs are empirically
distinct [29].

Table 4. Discriminant validity (HTMT ratios)

Construct PU TR FL Bl AD
PU —
TR 0.721 —
FL 0.654 0.707 —
BI 0.768 0.742 0.689 —
AD 0.701 0.732 0.665 0.812 —

Note. Al HTMT values < 0.85, supporting discriminant validity.Structural
model and hypothesis tests

The structural-model results (Table 5) show that all six
direct paths are positive and statistically significant.
Perceived diagnostic usefulness (B = 0.356, t = 6.245) and
trust (B = 0.321, t = 5.874) are the strongest predictors of
behavioural intention, followed by financial literacy (B =
0.182, t = 3.221). Behavioural intention strongly predicts
AI-CDSS adoption (B = 0.612, t = 11.742). Perceived
usefulness ( = 0.418) and financial literacy (B = 0.287) both
significantly influence trust.

Table 5. Structural model results: direct paths

validity H Path B t-value  p-value Result
H1 PU—BI 0.356 6.245 <0.001  Supported
Construct (Item) Loading o CR AVE H2 TR —-BI 0.321 5.874 <0.001  Supported
Perce]lv?d Diagnostic 0812 0882 0913 0677 H3 FL—BI 0.182 3.221 0.001 Supported
Usefulness — PU1 H4 BI—AD 0612 11742 <0.001 Supported
PU2 0.845 H5 PU—TR 0418 7.102  <0.001  Supported
PU3 0.823 H6 FL—TR 0287 4998  <0.001  Supported
PU4 0.804
Trust—TR1 083 0871 0907 0709  The mediation analysis (Table 6) confirms that behavioural
TR2 0.842 intention significantly mediates all three antecedent—
TR3 0.854 adoption relationships. The indirect effects of perceived
Financial Literacy — FL1 0.792 0.854 0.898 0.687 usefulness (B =0.218, t =15.990), trust (B =0.196, t =5.221)
EL2 0.826 and financial literacy (f = 0.112, t = 3.005) on adoption are
FL3 0.861 all significant, indicating partial mediation in each case.
Behavioural Intention — .. .
BI1 0.871  0.893 0.926 0.758 Table 6. Mediation effects, R2, f2, Q2 and model fit
BI2 0.882
BI3 0.859 H Indirect path B t-value Result
Al-CDSS Adoption - AD1 0.835 0.869 0.909 0.714 H7 PU—-BI— AD 0.218 5.990 Partial mediation
AD2 0.847 H8 TR—BI—AD 0196 5221 Partial mediation
AD3 0.853

Note. o = Cronbach's alpha; CR = composite reliability; AVE = average
variance extracted.

Discriminant validity was assessed using the HTMT

H9 FL—-BI—- AD 0.112 3.005 Partial mediation
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R2: Trust = 0.512 (moderate); Behavioural Intention = 0.648
(substantial); Al Adoption = 0.374 (moderate)
2 PU-BI = 0.214 (medium); TR—BI = 0.182 (medium);
FL—BI = 0.067 (small); BI-AD = 0.471 (large)
Q2 Trust = 0.312; Behavioural Intention = 0.441; Al Adoption =
0.276 (all > 0, predictive relevance)
Model fit: SRMR = 0.058 (< 0.08, acceptable fit)

The model demonstrates strong explanatory and predictive
power. It accounts for 64.8% of the variance in behavioural
intention (R2 = 0.648, substantial), 51.2% in trust and 37.4%
in adoption, with all Q2 values above zero, confirming
predictive relevance [27]. The standardised root mean
square residual (SRMR = 0.058) indicates acceptable model
fit. Among the determinants of behavioural intention,
perceived diagnostic usefulness has the largest effect,
consistent with TAM's central proposition that perceived
utility is the dominant driver of adoption [14, 15];
behavioural intention, in turn, exerts a large effect on
adoption (f2 = 0.471).

The findings indicate that perceived diagnostic usefulness
remains a central determinant of technology adoption,
consistent with TAM and with recent evidence on dental
students' attitudes toward Al [11, 12, 14]. Trust plays a vital
role in reducing the uncertainty associated with Al systems
in high-stakes healthcare environments; its strong effect on
behavioural intention and the significant mediated path from
trust to adoption, align with systematic-review evidence that
trust is decisive for Al-CDSS acceptance among healthcare
workers [1, 2]. The prominence of trust underscores that
technical usefulness alone is insufficient: students must also
believe that Al recommendations are reliable and safe.

Financial literacy contributes both directly to behavioural
intention and indirectly through trust, supporting the study's
central argument that economic competencies matter for Al
adoption in dental. Although its direct effect on intention is
the smallest of the three antecedents (f2 = 0.067, small), its
significant influence on trust (B = 0.287) suggests that
financially literate students are better able to appraise the
cost-related outputs of AI-CDSS and therefore trust them
more readily [8, 9]. This highlights the value of integrating
financial education into dental curricula, equipping future
dentists to evaluate the cost-effectiveness of Al-assisted
caries management, the economics of preventive versus
restorative treatment pathways, and the return on investment
of digital dental technologies.

The hierarchical order of these variables holds significant
practical importance. Given that perceived utility and trust
serve as the primary drivers of behavioural intent, and
considering that intent itself is the most substantial predictor
of adoption (f2 = 0.471), there is an evident pathway for
intervention: AI-CDSS must prove its clinical effectiveness
and reliability to foster user intent, as solidified commitment
is a prerequisite for actual adoption. This mediated
framework indicates that enhancing utility, confidence, or

financial acumen will most significantly drive adoption by
bolstering behavioural intention. For emerging markets like
Vietham, where student exposure to Al and financial
expertise fluctuates, a synchronised approach targeting
diagnostic utility, trust, and financial literacy concurrently is
likely to prove far more impactful than focusing on any
individual variable on its own merits [16, 30].

Implications

Theoretically, this study expands the Technology
Acceptance Model by integrating digital financial literacy
with perceived utility and trust, establishing a novel
connection between healthcare Al adoption and dental
practice economics within dental education. By utilising
behavioural intention as a mediator, the research illustrates
how clinical relevance, trust, and financial acumen drive the
implementation of AI-CDSS. Practically, dental curricula
should incorporate both Al-driven diagnostic software, such
as caries-detection and radiographic-interpretation tools,
and financial training to cultivate dual competencies for
evidence-based, cost-effective decision-making.
Furthermore, healthcare organisations and technology
developers must prioritise transparency, explainability, and
proven reliability in AI-CDSS design to foster the essential
trust required for widespread institutional adoption and
long-term user engagement.

Conclusion

This research develops an integrative model to analyse Al-
CDSS adoption among dental students by merging
perceived diagnostic utility, trust, and digital financial
literacy within a PLS-SEM framework rooted in TAM and
trust theory. Findings reveal that perceived usefulness and
trust serve as primary catalysts for behavioural intention,
while financial literacy exerts both direct and trust-mediated
influences. Behavioural intention acts as the core proximal
predictor of adoption, partially mediating all three
antecedents, with the model demonstrating robust
explanatory power and adequate fit. These results highlight
the necessity of interdisciplinary training blending Al
proficiency with financial acumen to enhance healthcare
decision-making. Consequently, this study provides
practical recommendations for dental curricula, medical
institutions, and developers aiming to promote the
widespread, cost-effective, and reliable integration of
clinical decision support systems within  modern
professional dental practice.

Limitations and future research

Several limitations should be acknowledged. The cross-
sectional design precludes causal inference, so longitudinal
or experimental designs would more convincingly establish
the temporal ordering of the antecedents—intention—
adoption chain. The data are self-reported and drawn from a
convenience sample of students, which may limit
generalisability and introduce common-method and
selection concerns; future work should incorporate
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procedural and statistical remedies and probability
sampling. The focus on dental students means findings may
not transfer to practising dentists, who face different
incentives and constraints. Future research could include
practising dentists, expand to multiple countries, and
integrate Al explainability and perceived risk as additional
constructs to capture the evolving landscape of Al-
supported clinical decision-making.

Acknowledgments: The authors would like to thank
Industrial University of Ho Chi Minh City (IUH) for its
support and encouragement in conducting this research.

Conflict of interest: None
Financial support: None

Ethics statement: Participation in this study was voluntary.
All respondents were informed about the purpose of the
research, and their anonymity and confidentiality were
guaranteed. Informed consent was obtained from all
participants prior to data collection.

References

1. Tun HM, Rahman HA, Naing L, Malik OA. Trust in
artificial intelligence-based clinical decision support
systems among health care workers: systematic review.
J Med Internet Res. 2025;27:e69678.
doi:10.2196/69678

2. Jones C, Thornton J, Wyatt JC. Artificial intelligence
and clinical decision support: clinicians' perspectives on
trust, trustworthiness, and liability. Med Law Rev.
2023;31(4):501-20. doi:10.1093/medlaw/fwad013

3. Kunie K, Kawakami N, Shimazu A, Yonekura Y,
Miyamoto Y. Examining the impact of managerial
communication on the link between nurses' job
performance and psychological empowerment. Ann
Organ Cult Leadersh Extern Engagem J. 2025;6:1-7.
d0i:10.51847/SF5ZX3J40T

4. Caldwell J, Parekh K, Crowther B, Gohel C, Pileggi R,
Garcia Al, et al. Performance evaluation of Al-based
caries detection technology and its educational training
module: a dual-phase investigation. Front Dent Med.
2025;6:1741855. doi:10.3389/fdmed.2025.174185527

5. Nathan RJ, Setiawan B, Quynh MN. FinTech and
financial health in Vietnam during the COVID-19
pandemic: in-depth descriptive analysis. J Risk Financ
Manag. 2022;15(3):125. doi:10.3390/jrfm15030125

6. Svensson A, Lindberg E. Explainable Al for pediatric
dosing error prediction using prescription text and
weight-based rules. Pharmacophore. 2026;17(2):1-11.
doi:10.51847/v5WAXGMQYm

7. Hao C, Fang L, Lin Z. Autonomous Al agent for QSAR
modeling with dataset curation, descriptor selection,
and domain assessment. Pharmacophore.
2025;16(4):11-21.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

Islam KMA, Khan MS. The role of financial literacy,
digital literacy, and financial self-efficacy in FinTech
adoption. Invest Manag Financ Innov. 2024;21(2):370-
80. doi:10.21511/imfi.21(2).2024.30

Lusardi A, Mitchell OS. The economic importance of
financial literacy: theory and evidence. J Econ Lit.
2014;52(1):5-44. doi:10.1257/jel.52.1.5

Guillen J, Pereira R. Institutional influence on gender
entrepreneurship in Latin America. Ann Organ Cult
Leadersh  Extern Engagem J. 2024;5:28-38.
doi:10.51847/RaQltcyzXu

Hegde S, Nanayakkara S, Jordan A, Jeha O, Patel U,
Luu V, et al. Attitudes and perceptions of Australian
dentists and dental students towards applications of
artificial intelligence in dentistry: a survey. Eur J Dent
Educ. 2025;29(1):9-18. d0i:10.1111/eje.13042

Eroglu Cakmakoglu E, Giinay A. Dental students'
opinions on use of artificial intelligence: a survey study.
Med Sci Monit. 2025;31:947658.
d0i:10.12659/MSM.947658

Morgan AL, Foster DK, Collins IJ. Disparities in
HER2-targeted therapy adoption and survival impact in
metastatic HR—/HER2+ breast cancer: NCDB cohort
study. Asian J Curr Res Clin Cancer. 2025;5(2):1-11.
d0i:10.51847/AZI4JURGIQ

Davis FD. Perceived usefulness, perceived ease of use,
and user acceptance of information technology. MIS Q.
1989;13(3):319-40. doi:10.2307/249008

Venkatesh V, Morris MG, Davis GB, Davis FD. User
acceptance of information technology: toward a unified
view. MIS Q. 2003;27(3):425-78.
d0i:10.2307/30036540

Bergmann M, Macada ACG, de Oliveira Santini F,
Rasul T. Continuance intention in financial technology:
a framework and meta-analysis. Int J Bank Mark.
2023;41(4):749-86. doi:10.1108/1IJBM-04-2022-0168
Damasevic¢ius R, Maskelitinas R, Blazauskas T.
Enhancing virtual medical history taking: effects of
customized guidelines in two serious games for medical
education. Ann Pharm Educ Saf Public Health
Advocacy. 2025;5:39-49. doi:10.51847/kNshKQSf5t
Novak TJ, Dvorak PM. A spatiotemporal neural
network framework for EEG-based emotion recognition
in depression assessment. J Med Sci Interdiscip Res.
2025;5(2):24-38. doi:10.51847/A2pBOYHJIW1

Nagesh D, Lam Ip CYT, Li K, Wong HSL, Chai JYH.
Navigating support networks: a Somali woman's
experience of social alignment to overcome isolation
during pregnancy and early motherhood. Int J Soc
Psychol Asp Healthc. 2025;5:35-48.
d0i:10.51847/iJoPhgpXaV

Amnas MB, Selvam M, Raja M, Santhoshkumar S,
Parayitam S. Understanding the determinants of
FinTech adoption: integrating UTAUT2 with trust
theoretic  model. J Risk Financ  Manag.
2023;16(12):505. doi:10.3390/jrfm16120505

Kowalski TW, Reis LB, Andreis TF, Ashton-Prolla P,
Rosset C. Rare co-occurrence of two mutational

Annals of Dental Specialty Vol. 14; Issue 3. Jul — Sep 2026 | Bl



Son

22.

23.

24,

25.

26.

variants in NF1: molecular testing reveals diagnostic
surprises. J Med Sci Interdiscip Res. 2024;4(2):20-9.
d0i:10.51847/H2qQIZTYO7

Mayer RC, Davis JH, Schoorman FD. An integrative
model of organizational trust. Acad Manage Rev.
1995;20(3):709-34. doi:10.5465/amr.1995.9508080335
Huber MA, Bauer LS, Gruber FK, Miuller EW.
Outcomes of everolimus combined with exemestane in
HR-positive metastatic breast cancer after CDK4/6
inhibitor exposure. Arch Int J Cancer Allied Sci.
2025;5(2):44-50. doi:10.51847/sINXEIRZXn

Salem HM, Watanabe S, Chang AH. Ethical concerns
in managing anorexia nervosa: a content analysis of
ethics consultation records. Asian J Ethics Health Med.
2025;5:25-35. d0i:10.51847/oHEI6FgL3V

Kajanova J, Badrov A. Medical students' perspectives
on trust in medical Al: a quantitative comparative study.
Asian J Ethics Health Med. 2024;4:44-57.
d0i:10.51847/36mpdZ9AZ8

Mustofa, Hidayat-ur-Rehman I, Hossain MN. Trust in
financial technology: the role of financial literacy,
digital financial literacy, and trust in artificial

27.

28.

29.

30.

intelligence. J Risk Financ Manag. 2026;19(2):97.
doi:10.3390/jrfm19020097

Hair JF, Risher JJ, Sarstedt M, Ringle CM. When to use
and how to report the results of PLS-SEM. Eur Bus Rev.
2019;31(1):2-24. doi:10.1108/EBR-11-2018-0203
Fornell C, Larcker DF. Evaluating structural equation
models with unobservable variables and measurement
error. J Mark Res. 1981;18(1):39-50.
d0i:10.1177/002224378101800104

Henseler J, Ringle CM, Sarstedt M. A new criterion for
assessing discriminant validity in variance-based
structural equation modeling. J Acad Mark Sci.
2015;43(1):115-35. d0i:10.1007/s11747-014-0403-8
Nguyen TC, Khuc TA, Nguyen DD, Cao PKQ, Le DL.
Impact of self-efficacy and mediating factors on
FinTech adoption in the VUCA era. J East Eur Cent
Asian Res. 2024;11(4):796-812.
doi:10.15549/jeecar.v11i4.1740

Annals of Dental Specialty Vol. 14; Issue 3. Jul — Sep 2026 | Bk}



